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Objectives: The strength with which individuals identify with a sport team (i.e., social identity) has important
implications for athletes' cognitions, aﬀect, and behavior. Yet there remains ambiguity surrounding the optimal
way to conceptualize and thus assess social identity. The purpose of the current study was to examine the
psychometric properties of a nine-item version of the Social Identity Questionnaire for Sport (SIQS).
Design: Athletes completed a self-report measure of social identity related to sport team involvement.
Method: In a sample of 869 youth and young adult athletes (Mage = 14.84, SD = 3.79; male = 375; female = 493), we evaluated the psychometric properties of a nine-item version of the Social Identity
Questionnaire for Sport (SIQS) by using bifactor analysis and subsequently testing single-factor and three-factor
structures.
Results: Overall, a theoretically conceived three-factor structure is empirically supported, where ingroup ties,
cognitive centrality, and ingroup aﬀect are represented as distinct dimensions of social identity. Empirical
support was also found for a global factor of social identity, but only when the residuals among the subscales
were correlated. There was support for strong measurement invariance across sexes for the unidimensional and
three-factor structure models.
Discussion: The ﬁndings from the study support the SIQS as a psychometrically sound measure of social identity
in sport that can be used to either model social identity along three speciﬁc dimensions or as a global construct.

1. Introduction
Social identity refers to “that part of an individual's self-concept
which derives from his/her knowledge of his/her membership of a
social group (or groups) together with the value and emotional signiﬁcance attached to that membership” (Tajfel, 1981, p. 255). The
deﬁnition put forward by Tajfel provided a conceptual foundation for
theory (Social Identity Theory; Tajfel, 1978; Tajfel & Turner, 1979) and
research across several domains including psychology and recently in
sport. Recent calls have drawn attention to social identity as a key
construct for understanding group behavior and interpersonal relations
(e.g., Hornsey, 2008). The strength with which individuals identify
with a sport team (i.e., social identity) has important implications for
athletes' cognitions, aﬀect, and behavior (Bruner, Dunlop, &
Beauchamp, 2014; Rees, Haslam, Coﬀee, & Lavallee, 2015). For example, stronger perceptions of social identity are positively associated
with team outcomes such as team performance (Murrell & Gaertner,
1992) as well as individual outcomes including initiative, self-worth,
commitment, perceived eﬀort, and personal and social skills (Bruner,
∗

Balish, et al., 2017; Martin, Balderson, Hawkins, Wilson, & Bruner,
2017). This aligns with theoretical accounts that highlight how the
identity associated with a sport context can inﬂuence self-evaluation,
and motivates individual behaviors toward ingroup and outgroup
members (Rees et al., 2015). Despite the inﬂuential role of social
identity, issues concerning the conceptualization and measure of the
construct have arisen in a number of domains, including sport. Notably,
social identity has been conceptualized and operationalized in several
ways (Bruner, Dunlop et al., 2014).
Traditionally, social identity has been conceptualized as one global
construct (e.g., Terry, Hogg, & White, 1999). Example studies include
investigations highlighting a positive link between team performance
(i.e., winning) and team identiﬁcation (Murrell & Gaertner, 1992), social identity as a mediator of the positive link between athletes' perceptions of coach-related procedural justice and cohesion (De Backer
et al., 2011), and athletes' discourses related to their social identities
following diﬀerent performance outcomes in soccer (Zucchermaglio,
2005). A second approach to conceptualizing social identity is a multidimensional perspective. Although the multidimensionality of social
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items to reﬂect three underlying dimensions (i.e., ingroup ties, cognitive centrality, ingroup aﬀect) and conducted ﬁve programmatic studies
to develop a 12-item measure. This work provides valuable insight into
the conceptual basis and utility of a multidimensional view of social
identity, while also highlighting the value of assessing social identity in
relation to sport team involvement. As seen in the development of other
questionnaires in the domain of sport (Benson & Eys, 2017; Eys,
Loughead, Bray, & Carron, 2009), it is important to develop a descriptive understanding of a construct prior to attempting to measure
the intensity or frequency of its occurrence. For example, in some instances, young athletes have viewed phenomenon in less complex ways
(cf. Eys et al., 2009; Martin, Carron, Eys, & Loughead, 2013). Nonetheless, several qualitative studies report that athletes—including youth
athletes—are able to diﬀerentiate between the various dimensions of
social identity when relaying their personal sport-related experiences
(Bruner, Boardley, Allen et al., 2017, Bruner, Boardley, Forrest et al.,
2017). Overall, these studies lend support to the multidimensional
conceptualization of social identity in sport.

identity in sport is supported by cogent theoretical and empirical support in other domains (Brown, Condor, Mathews, Wade, & Williams,
1986; Jackson, 2002; see Leach et al., 2008 for a review), only recently
has this conceptualization gained attention in relation to sport team
involvement. Notably, Bruner, Boardley et al. (2014) adapted a model
and measure of social identity in sport based on the three-factor
structure developed in social psychology by Cameron (2004). This
conceptualization includes (a) ingroup ties – perceptions of similarity,
bonding, and belongingness with other group members; (b) cognitive
centrality – the importance of being a group member; and (c) ingroup
aﬀect – the positive feelings associated with group membership
(Cameron, 2004). Based on these deﬁnitions, two of the dimensions are
cognitive in nature (ingroup ties, cognitive centrality), whereas ingroup
aﬀect operates on an aﬀective level. Further support for Cameron's
(2004) multidimensional conceptualization has been reported in the
sport psychology literature as speciﬁc dimensions of social identity
diﬀerentially relate to team and athlete outcomes. As examples, ingroup
ties positively predicted personal skills, social skills, and initiative
(Bruner, Balish et al., 2017), ingroup aﬀect linked with cohesion and
prosocial teammate behavior (Bruner, Boardley et al., 2014), and cognitive centrality moderated the relationship between group norms and
personal behavior (Benson, Bruner, & Eys, 2017).
Given the distinct ways social identity has been conceptualized, it is
perhaps not surprising that there is a lack of consensus as to how social
identity should be measured. In some instances when researchers perceived social identity as a unidimensional construct, social identity has
been evaluated using a range of measures, including a rating scale from
1 to 5 for 30 statements (Murrell & Gaertner, 1992). Alternatively, De
Backer et al. (2011) assessed social identity using the three highest
loading items from a team identiﬁcation scale (Boen, Vanbeselaere,
Pandelaere, Schutters, & Rowe, 2008). Other social identity sport researchers have adapted multidimensional measures of social identity
from the social psychology literature and other group settings (e.g.,
Amiot, Sansfaçon, & Louis, 2013). Most recently, however, several researchers have adapted Cameron's (2004) three dimensional measure to
the domain of sport (Bruner, Boardley et al., 2014; Bruner, Eys, Evans,
& Wilson, 2015; Martin et al., 2017). To our knowledge, however, the
psychometric integrity of the questionnaire has not been rigorously
evaluated. As noted by Carron, Eys, and Martin (2012) to advance the
ﬁeld of sport and exercise psychology, “measurement protocols are at
the heart of science; they are fundamental to the advancement of
knowledge” (p. 411). Given the strong theoretical basis driving the
study of social identity in sport, it is equally important to ensure contemporary measures of social identity are psychometrically sound in the
sport setting.
Thus, the current study sought to evaluate the psychometric properties
of a questionnaire to assess social identity strength in sport. We ﬁrst
evaluated current approaches to assessing social identity in sport by examining the questionnaire items used in recent work. Using a decisionmaking framework informed by conceptual and empirical considerations,
we then proceeded to evaluate a positively worded version of the Social
Identity Questionnaire for Sport (SIQS). To accomplish this aim, we ﬁrst
applied bifactor modeling to assess the psychometric properties of the
SIQS. Informed by this procedure, we then tested theoretically informed
measurement models based on unidimensional (i.e., global construct of
social identity) and three-factor (i.e., ingroup ties, ingroup aﬀect, and
cognitive centrality) structures. Finally, we tested the measurement invariance of models determined to be suitable.

2.2. Questionnaire development
The origin of the items evaluated in the current study are derived
from Bruner, Boardley et al.'s (2014) adaptation of Cameron's (2004)
measure to assess social identity related to sport team involvement.
This measure included 12-items assessing three dimensions (i.e., ingroup ties, cognitive centrality, ingroup aﬀect) of social identity with
eight positively and four negatively (i.e., reverse-coded) worded items.
Although using positively and negatively worded items may help in the
detection of response acquiescence, mixed item wording might be
problematic in terms of subscale reliability (Eys, Carron, Bray, &
Brawley, 2007). Indeed, certain subscales from the 12-item version of
the questionnaire have exhibited reliability issues (e.g., cognitive centrality, Bruner, Boardley et al., 2014). In response to the low alpha
coeﬃcients, the four negatively worded items were modiﬁed to positively worded items in subsequent work (Benson et al., 2017; Bruner,
Balish et al., 2017; Bruner, Boardley, Benson et al., 2017). In the current paper, we combined these three datasets to scrutinize the psychometric properties of the SIQS. Although each of these datasets
contained 12 positively worded items, we made a decision to retain
only nine items due to several considerations. First, we identiﬁed two
potentially problematic items based on item wording. Speciﬁcally, the
ingroup ties item “I have a lot in common with other members in this
team” appeared to capture similarity with teammates more than perceived connections with teammates. The ingroup aﬀect item “I rarely
regret that I am a member of this team” is potentially confusing because
it combines two negative terms (rarely, regret). We also excluded a
cognitive centrality item (“I often think about the fact that I am a team
member”) based on its similarity with another subscale item (“The fact
that I am a member of this team often enters my mind”). Second, we
examined the factorial structure of the 12 items and elected to retain
the more concise nine item version.1 Please see Appendix A for the nine
items evaluated in the current study for the brief version of the SIQS as
well as the three items removed.
2.3. Participants
Based on a re-analysis of three existing data-sets (Benson et al.,
2017; Bruner, Balish, et al., 2017; Bruner, Boardley, Benson et al.,
2017), there were 869 (Mage = 14.84, SD = 3.79) responses to the SIQS
from a heterogeneous group of athletes (males = 375, females = 493,
unidentiﬁed sex = 1). Represented team sports include ice hockey,
soccer, basketball, ﬂag football, volleyball, and baseball from a range of
recreational and competitive levels.

2. Method
2.1. Conceptualization of the SIQS
In the current study, we evaluated an adapted version of Cameron's
(2004) multidimensional measure of social identity and thus it is important to highlight this formative piece. Brieﬂy, Cameron generated
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evaluated a three-factor structure with independent clusters using
conﬁrmatory factor analysis (Model 3-1). In Phase 3, we assessed
measurement invariance for the models deemed to be acceptable. In
testing invariance according to participant sex, we ﬁrst examined the
factor structure across sexes with no constraints (conﬁgural invariance);
constraints were then imposed on the factor loadings (factor loading
invariance) and ﬁnally the factor intercepts (factor loading invariance)
(Muthén & Muthén, 2012).
In Phase 1 speciﬁcally, following Rodriguez et al. (2016b), we used
bifactor analysis to calculate additional statistical indices: (a) the degree of unidimensionality using explained common variance (ECV), (b)
construct reproducibility using the H value (Hancock & Mueller, 2001),
and the (c) reliability of the general factor using coeﬃcient omega
hierarchical (ωH) as well as the reliability of speciﬁc factors using
coeﬃcient omega hierarchical subscale (ωHS). Even in the presence of
good model ﬁt, an ECV score in a bifactor model greater than 0.70
warrants consideration of unidimensionality because most of the variance is attributable to the general factor (Quinn, 2014). We also
evaluated the construct reproducibility of each factor to determine the
variance explained by each latent variable relative to its unexplained
variance—described as the H value (Hancock & Mueller, 2001). The
internal consistency for the general factor was evaluated with the
omegaH (ωH) which refers to variance attributed to the general factor
(McDonald, 1999). Subscale reliability was evaluated using the omegaHS (ωHS), which refers to the reliability of each speciﬁc factor, after
statistically controlling for the variance of the general factor (Reise,
Bonifay, & Haviland, 2013).2 In Phase 1–2, the CFI and TLI were inspected as incremental indices of model ﬁt, whereas the RMSEA and
SRMR were inspected as absolute indices of model ﬁt (Hu & Bentler,
1999). For guidance, it has been suggested that good ﬁt is achieved
when CFI and TLI values are close to or higher than 0.95, the SRMR is
less than 0.08, and the RMSEA is less than 0.06 (Hu & Bentler, 1999). In
addition, there are an inﬁnite number of solutions when computing
factor scores (Gorsuch, 1983). Thus, factor determinacy scores were
computed for all models to evaluate whether observed individuals
diﬀerences on estimated factor scores reﬂect actual diﬀerences on the
factor, where values greater than 0.90 indicate that factor scores are
determinate (Gorsuch, 1983). In Phase 3, when evaluating measurement invariance, we followed recommendations to inspect changes in
model ﬁt in conjunction with χ2 diﬀerence tests (Cheung & Rensvold,
2002). Measurement invariance is supported if additional constraints
on a model corresponded to a ΔCFI < −0.010, ΔRSMEA < +0.015,
and ΔSRMR < +0.030 (Chen, 2007). Although concrete guidelines
are not available for evaluating ΔTLI, the TLI was inspected to determine whether it stayed within general guidelines for model ﬁt (Hu &
Bentler, 1999).

2.4. SIQS
A nine-item, positively worded version of the SIQS was evaluated
(see Appendix A). Based on how athletes felt about their current team,
participants were asked to indicate the extent to which they agreed
with a series of statements, on a scale ranging from 1 (strongly disagree)
to 7 (strongly agree).
2.5. Analyses
As described by Rodriguez, Reise, and Haviland (2016a), “a bifactor
measurement model speciﬁes that for a given set of item responses,
correlations among items can be accounted for by: (a) a general factor
representing shared variance among all the items and (b) a set of group
factors where variance over and above the general factor is shared
among subsets of items presumed to be highly similar in content” (p.
137). Thus, modeling data with a bifactor structure enables researchers
to directly evaluate the extent to which a general factor represents a
well-deﬁned construct when the variance attributable to the speciﬁc
factors is assumed to be orthogonal. Bonifay, Lane, and Reise (2017)
identiﬁed two distinct approaches to applying bifactor analysis. Consistent with how we applied bifactor analysis in the current research,
one approach is using bifactor analysis as an evaluative tool for investigating the psychometric properties of a questionnaire. In this regard, bifactor analysis is an eﬀective investigative tool to inform decisions regarding (a) how well a set of items reﬂects a latent dimension
and (b) whether subscales provide unique information beyond a general
factor. The second is using bifactor analysis to represent the structure of
a psychological construct. Bonifay et al. (2017) cautioned against this
latter approach because of the ambiguity of deciphering what speciﬁc
factors represent after partitioning out the variance attributed to the
global construct. Rodriguez, Reise, and Haviland (2016b) also noted
that this approach can be misleading if one relies solely on traditional
indices of model ﬁt (e.g., Comparative Fit Index [CFI], Tucker-Lewis
Index [TLI], Root Mean Square Error of Approximation [RMSEA],
Standardized Root Mean Square Residual [SRMR]) because bifactor
models are biased toward producing superior model ﬁt. To be clear, we
did not use bifactor analysis to represent the structure of the social
identity measure. Rather, we used a multiphase analysis strategy—beginning with bifactor analysis as an evaluative procedure, before testing
theoretically informed models. Although bifactor modeling aﬀords additional information about a questionnaire's psychometric properties, it
was important to follow-up the bifactor analysis by constructing singlefactor and three-factor models to represent the construct of social
identity.
All analyses were carried out in Mplus 7.3, where all models were
estimated using maximum likelihood estimation with standard errors
that are robust to non-normality (MLR) (Muthén & Muthén, 2012). In
Phase 1, we speciﬁed a conﬁrmatory bifactor model, where a general
factor of social identity (G-SI) as well as speciﬁc factors pertaining to
ingroup ties (IGT), cognitive centrality (CC), and ingroup aﬀect (IGA)
were modeled to reﬂect the SIQS items (Fig. 1, Model 1-1). In the
conﬁrmatory bifactor model, the general and speciﬁc factors are orthogonal to one another. This means that G-SI represents the shared
variance among all of the scale items, and three speciﬁc factors represent the remaining shared variance among clusters of items with
similar content (see Table 1). In Phase 2, we then tested several models
based on conﬁrmatory factor analysis (i.e., without ﬁtting the data to a
bifactor structure). We ﬁrst tested a unidimensional factor structure
without correlated residuals for the subscales (Fig. 1, Model 2-1) and
then tested a unidimensional factor structure with correlated residuals
(Fig. 1, Model 2-2). It should be noted that allowing the residual error
terms to correlate creates a model that is, in many ways, statistically
equivalent to the previously described bifactor model (Model 1-1). The
key diﬀerence between these models is that the speciﬁc factors in Model
1-1 are represented by correlated error terms in Model 2-2. We also

3. Results
3.1. Phase 1: conﬁrmatory bifactor analysis
The conﬁrmatory bifactor model (Model 1-1) with a general factor
and three speciﬁc factors (Fig. 1, Panel A) demonstrated good model ﬁt
based on traditional benchmarks, χ2 (18) = 43.52, CFI = 0.99,
TLI = 0.98, RMSEA = 0.04 90% CI [0.03, 0.06], SRMR = 0.02. As
depicted in Table 1, all of the items exhibited high and signiﬁcant
standardized factor loadings on the general factor as well as their respective speciﬁc factor. The ECV for the general factor was 0.50.
However, whereas the H value for the general factor was 0.88, the H
2
For an overview of how these statistical indices are calculated, please refer to
Rodriguez et al. (2016a). In addition, Rodriguez et al. provide a thorough overview of
why relying solely on Cronbach's alpha in the context of a bifactor model can lead researchers to overestimate the internal consistency of subscale items. In Phase 2, we report
the omega coeﬃcient (ω) as a measures of internal consistency for the unidimensional
and three dimensional factor structures.
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Fig. 1. Conceptual representation of models evaluated for the
SIQS. Errors are uncorrelated in Panels A and C, but are not
visually depicted.

Table 1
Conﬁrmatory bifactor model: Standardized factor loadings for SIQS (model 1-1).
Item

IGT1
IGT2
IGT3
CC1
CC2
CC3
IGA1
IGA2
IGA3

General factor

Ingroup Ties

Cognitive Centrality

ë

SE

ë

SE

0.72
0.68
0.72
0.60
0.51
0.57
0.68
0.66
0.72

0.03
0.04
0.03
0.03
0.04
0.04
0.03
0.03
0.03

0.43
0.47
0.52

0.04
0.05
0.05

ë

0.49
0.70
0.47

R2

Ingroup Aﬀect
SE

ë

SE

0.05
0.04
0.05
0.41
0.67
0.39

0.06
0.05
0.05

0.70
0.68
0.79
0.61
0.75
0.54
0.62
0.89
0.67

Note. IGT = ingroup ties; CC = cognitive centrality; IGA = ingroup aﬀect; λ = standardized factor loading; SE = standard error estimate. All factor loadings are signiﬁcant at p < .001.
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factor loadings on the single factor. The general scales exhibited an
acceptable level of internal consistency (SI: ω = 0.89).
Finally, we tested a conﬁrmatory factor model based on a threefactor structure, with the three latent dimensions of IGT, IGA, and CC
allowed to correlate (Model 3-1, Fig. 1, Panel C). The model ﬁt well
based on traditional benchmarks, χ2 (24) = 87.10, CFI = 0.98,
TLI = 0.97, RMSEA = 0.06, 90% CI [0.04, 0.07], SRMR = 0.03. As
depicted in Table 3, all of the items exhibited standardized factor
loadings that were high and signiﬁcant on their respective factor.
Moreover, the interfactor correlations between social identity dimensions were moderate and positive (CC with IGT, r = 0.59, IGA with IGT,
r = 0.68, IGA with CC, r = 0.55). Factor determinacy scores for all
three factors were in an acceptable range (IGT = 0.95, CC = 0.92,
IGA = 0.95). The subscales corresponding to each factor exhibited acceptable levels of internal consistency (IGT: ω = 0.89, CC: ω = 0.84,
IGA: ω = 0.89).

Table 2
Unidimensional factor structure: Standardized factor loadings for SIQS (models 2-1 and 22).
Item

SI1
SI2
SI3
SI4
SI5
SI6
SI7
SI8
SI9

Model 2-1

Model 2-2

ë

SE

R2

ë

SE

R2

0.78
0.76
0.80
0.61
0.53
0.57
0.71
0.72
0.74

0.03
0.04
0.03
0.03
0.03
0.03
0.03
0.03
0.03

0.61
0.58
0.64
0.37
0.28
0.33
0.51
0.52
0.54

0.72
0.68
0.72
0.60
0.51
0.57
0.68
0.66
0.72

0.03
0.04
0.03
0.03
0.04
0.04
0.03
0.03
0.03

0.52
0.46
0.52
0.36
0.26
0.32
0.46
0.44
0.51

Note. SI = social identity; order of items corresponds to Table 1; λ = standardized factor
loading; SE = standard error estimate. All factor loadings are signiﬁcant at p < .001.
Models 1-1 and Models 2-2 exhibit identical factor loadings. However, the r2 values are
lower in Model 2-2 due to the absence of a general factor compared to the bifactor model
(Model 1-1).

3.3. Phase 3: measurement invariance
Table 4 illustrates the measurement invariance tests across sexes
(male and female) based on the models supported through conﬁrmatory
factor analyses (Model 2-2, Model 3-1). As it pertains to the unidimensional model, conﬁgural invariance was supported by the indices
of model ﬁt in Model 4-1. Further, adding constraints to the factor
loadings for males and females (Model 4-2) and the factor intercepts for
males and females (Model 4-3) did not signiﬁcantly worsen model ﬁt
(ΔCFI = −0.002, ΔRMSEA = 0.004). As it pertains to the three-factor
structure, conﬁgural invariance was supported by the indices of model
ﬁt in Model 5-1. Further, adding constraints to the factor loadings for
males and females (Model 5-2) and the factor intercepts for males and
females (Model 5-3) did not signiﬁcantly worsen model ﬁt
(ÄCFI = −0.003, ÄRMSEA = 0.001). Across both models, there appears to be support for strong measurement invariance across sexes.
Descriptive statistics for social identity including by sex are presented
in Table 5.

values for each speciﬁc factor were substantially lower (IGT = 0.47,
CC = 0.61, IGA = 0.54). These H values indicate that the general factor
of social identity is a well-deﬁned latent variable, but there is a fair
amount of variance unexplained among the speciﬁc factors. Moreover,
factor determinacy scores indicated potential issues of indeterminacy
with the speciﬁc factors modeled by the bifactor structure (IGT = 0.70,
CC = 0.81, IGA = 0.81), although G-SI was higher (G-SI = 0.89). For
the general factor, the ωH was 0.78. For the speciﬁc factors, the ωHS
were considerably lower (IGT = 0.27, CC = 0.41, IGA = 0.30). Overall,
despite the bifactor model evidencing good ﬁt based on traditional indices, using additional statistical indices illustrates that partitioning out
the variance of a general factor renders the speciﬁc factors diﬃcult to
interpret (i.e., low factor determinacy and low subscale reliability).
Notwithstanding the issues related to the speciﬁc factors, the general
factor exhibited high construct reproducibility, a high degree of internal consistency, and was only marginally below the suggested cutoﬀ
for factor determinacy.

4. Discussion
In the past decade, there has been a burgeoning interest from sport
and exercise psychology researchers in how social identity relates to
variables at the individual, interpersonal, and group level (e.g., see Rees
et al., 2015; for a review). To evaluate support for a three-dimensional
conceptualization of social identity (Cameron, 2004) and present a
measure that yields valid scores of these dimensions in a sport setting,
we introduced a nine-item version of the Social Identity Questionnaire
for Sport (SIQS). We applied a novel approach advocated by Rodriguez
et al. (2016a, 2016b) to scrutinize the dimensionality of the SIQS via
bifactor analysis. After using bifactor analysis as an investigative tool,
we evaluated several theoretically supported models pertinent to the
SIQS (i.e., unidimensional and multidimensional factor structures).

3.2. Phase 2: conﬁrmatory factor analyses
Conﬁrmatory factor analysis based on a unidimensional factor
structure (Model 2-1, not displayed in Fig. 1) exhibited poor model ﬁt,
χ2 (27) = 895.67, CFI = 0.71, TLI = 0.61, RMSEA = 0.19, 90% CI
[0.18, 0.20], SRMR = 0.10. In contrast, a unidimensional factor structure with correlated residual error terms (Model 2-2, Fig. 1, Panel B) for
each of the purported subscales (nine in total) corresponded to excellent model ﬁt, χ2 (18) = 43.52, CFI = 0.99, TLI = 0.98,
RMSEA = 0.04 90% CI [0.03, 0.06], SRMR = 0.02. As depicted in
Table 2, all of the items exhibited high and signiﬁcant standardized

Table 3
Conﬁrmatory Factor Analysis based on Three Factor Structure: Standardized Factor Loadings and Item-level Statistics for SIQS (Model 3-1).
Item

IGT1
IGT2
IGT3
CC1
CC2
CC3
IGA1
IGA2
IGA3

Mean (Variance)

5.56
5.83
5.64
5.09
5.06
5.00
6.39
6.28
6.06

(1.67)
(1.54)
(1.65)
(2.32)
(2.33)
(2.01)
(0.98)
(1.01)
(1.20)

Skewness/Kurtosis

−0.92/0.57
−1.27/1.66
−1.08, 1.08
−0.69, −0.07
−0.69, −0.10
−0.56, −0.15
−2.10, 5.04
−1.59, 2.41
−1.22, 1.27

Ingroup Ties
ë

SE

0.84
0.83
0.89

0.02
0.03
0.02

Cognitive Centrality

Ingroup Aﬀect

ë

ë

0.81
0.80
0.75

SE

R2
SE

0.02
0.02
0.02
0.81
0.88
0.83

0.02
0.02
0.02

0.71
0.68
0.79
0.65
0.64
0.56
0.65
0.77
0.69

Note. IGT = ingroup ties; CC = cognitive centrality; IGA = ingroup aﬀect; λ = standardized factor loading; SE = standard error estimate. All factor loadings are signiﬁcant at p < .001.
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Table 4
Tests of measurement invariance (male and female).
χ2 (df)
Unidimensional factor structure
4-1: Conﬁgural invariance
62.719 (45)
4-2: Metric invariance
64.527 (53)
4-3: Scalar invariance
79.133 (61)
Three-factor structure
5-1: Conﬁgural invariance
100.919 (48)
5-2: Metric invariance
105.199 (54)
5-3: Scalar invariance
119.052 (60)

CFI

TLI

RMSEA [90% CI]

SRMR

CM

ΔSχ2 (df)

ΔCFI

ΔTLI

ΔRMSEA

0.994
0.996
0.994

0.990
0.995
0.993

0.030 [0.006, 0.047]
0.022 [0.000, 0.040]
0.026 [0.000, 0.041]

0.028
0.040
0.045

–
1–1
1–2

–
1.707 (8)
15.579 (8)*

–
0.002
−0.002

–
0.005
−0.002

–
−0.008
0.004

0.982
0.983
0.980

0.973
0.977
0.976

0.050 [0.037, 0.064]
0.047 [0.033, 0.060]
0.048 [0.035, 0.060]

0.034
0.042
0.042

–
1–1
1–2

–
4.252 (6)
14.284 (6)*

–
0.001
−0.003

–
0.004
−0.001

–
−0.003
0.001

Note. Unidimensional factor structure is based on allowing the residual error terms to correlate between each of the three speciﬁc factors used in the bifactor model. CFI = comparative ﬁt
index; TLI = Tucker-Lewis index; RMSEA = root mean-square error of approximation; 90% CI = 90% conﬁdence interval of RMSEA; SRMR = standardized root mean square residual.
CM = Comparison model; * = p < .05; Gender comparisons based on male (n = 375) and female (n = 493).

interpret (e.g., low factor determinacy and low subscale reliability). To
be clear, in a bifactor model that includes an orthogonal general factor,
the speciﬁc factors represented by ingroup ties, cognitive centrality,
and ingroup aﬀect performed poorly on a range of statistical indices. As
expected, the latent dimensions related to ingroup ties, cognitive centrality, and ingroup ties cannot be satisfactorily assessed once the
common variance attributed to social identity as a global construct is
removed. Despite evidencing good ﬁt based on traditional indices, we
are hesitant to recommend attempting to model social identity as a
global construct while simultaneously modeling three speciﬁc factors
that are orthogonal to social identity.
If the goal is to model social identity as a global construct with the
SIQS, researchers can model a unidimensional factor structure where
the residuals among the subscales are allowed to correlate (unidimensional approach). Although this approach (Model 2-2) produces a global
factor of social identity that is statistically equivalent to the global
factor in the bifactor structure (Model 1-1), the inclusion of correlated
error terms (rather than speciﬁc factors orthogonal to a general factor)
shifts the substantive foci to a single latent dimension of social identity.
With Model 2-2, researchers are not left with the problem of attempting
to interpret what the speciﬁc factors represent in substantive terms after
removing the variance explained by social identity as a global construct. In addition to Model 2-2 demonstrating good ﬁt, there was also
evidence for strong measurement invariance across sexes. Taken together, the results provide a strategy for modelling social identity as a
global construct when the substantive research question merits such an
approach.
More broadly, the ﬁndings of the current paper are consistent with
the cautionary note raised by Bonifay et al. (2017) as well as Rodriguez
et al. (2016a, 2016b) regarding the increasing popularity of bifactor
analysis as a way to model psychological constructs. If we relied solely
on indices of model ﬁt, the bifactor model could have been interpreted
as a suitable factor structure for the SIQS. Echoing Rodriguez et al.
(2016a), sport and exercise psychology researchers who are interested
in evaluating a bifactor measurement model should calculate and interpret a range of statistical indices to ensure the general and speciﬁc
factors represent well-deﬁned latent constructs (e.g., ECV, H values,
hierarchical omega, hierarchical subscale omega, factor determinacy
scores). Indeed, as it pertains to evaluating measurement models of
sport and exercise psychology constructs, there may be instances where
a bifactor structure performs well across a range of statistical indices
(e.g., ECV, H values, hierarchical omega, hierarchical subscale omega,
factor determinacy scores) and provides a more accurate approximation
of substantive theory (e.g., Myers, Martin, Ntoumanis, Celimli, &
Bartholomew, 2014).
Consistent with theoretical conceptualizations of social identity
(Cameron, 2004; Hornsey, 2008), our ﬁndings suggest that the SIQS can
be used to either model social identity along three speciﬁc dimensions
or as a global construct. However, the SIQS does not enable researchers
to simultaneously model social identity as a global construct with three

Table 5
Descriptive statistics.

SI
IGT
CC
IGA

Total sample

Males (n = 375)

Females (n = 493)

M

SD

M

SD

M

SD

5.65
5.68
5.05
6.24

0.93
1.14
1.28
0.92

5.61
5.63
5.03
6.17

0.89
1.12
1.25
0.90

5.69
5.70
5.07
6.29

0.96
1.17
1.32
0.93

Note. SI = social identity; IGT = ingroup ties; CC = cognitive centrality; IGA = ingroup
aﬀect.

Overall, a theoretically conceived three-factor structure is empirically
supported, where ingroup ties, cognitive centrality, and ingroup aﬀect
are represented as distinct dimensions of social identity. Empirical
support was also found for a global factor of social identity, but only
when correlated residuals are included among the items of each subscale. This modelling approach recognizes that there is variance shared
among the subscale items that is not accounted for by a global factor of
social identity.
As noted above, conﬁrmatory factor analysis of the SIQS based on a
three-factor structure oﬀered evidence of good ﬁt and all of the items
loaded highly onto their respective dimensions. This model also demonstrated acceptable factor determinacy scores (i.e., above 0.90,
Gorsuch, 1983), high subscale reliability scores, and showed evidence
of strong measurement invariance across sexes. The latter point indicates that the SIQS is assessing the same construct (i.e., three dimensions of social identity) among males and females, which is reassuring for researchers who aim to examine social identity in samples
comprised of males and females. Moreover, obtaining support for
measurement invariance across sexes is important for researchers who
are interested in testing whether a relationship between social identity
and a variable of interest diﬀers across males and females (i.e., moderation). Collectively, the results provide further support for the multidimensional nature of social identity (cf. Cameron, 2004) and oﬀer
strong empirical support for using the SIQS to evaluate the three dimensions of social identity (ingroup ties, cognitive centrality, ingroup
aﬀect) in a sport context.
A key insight from the bifactor model is that although the items in
the SIQS can be modeled to reﬂect social identity as a global construct,
there is no empirical justiﬁcation for attempting to simultaneously
model three speciﬁc factors (i.e., ingroup ties, cognitive centrality, ingroup aﬀect). As it pertains to the former point, the bifactor model
showed that (a) a fair amount of variance is accounted for by the global
construct of social identity, (b) social identity as a global construct is a
well-deﬁned latent variable (high H value), and (c) the items exhibited
acceptable levels of reliability (e.g., high omegaH) and high factor
loadings. As it pertains to the former point, partitioning out the variance of a general factor renders the speciﬁc dimensions diﬃcult to
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indicating coaches' identity entrepreneurship was uniquely related to
global identiﬁcation (Study 4; Steﬀens et al., 2014). A related avenue of
future research is that less participant burden would also facilitate recommended intervention work in sport settings (Bruner, Boardley et al.,
2014, Bruner, Dunlop et al., 2014).

speciﬁc factors that are unrelated. The decision to use a multidimensional or a global measure of social identity should be driven by
theory and the research question. On the one hand, researchers interested in investigating how the cognitive and aﬀective components of
ingroup identiﬁcation diﬀerentially relate to psychological outcomes
would beneﬁt from a multidimensional approach, and thus by modeling
their data based on the three-factor structure. For example, researchers
may be interested in examining how the aﬀective component of social
identity (i.e., ingroup aﬀect) is associated with personal emotional
outcomes related to sport, such as guilt or pride (Tangney, 1999). As
another example, researchers may manipulate the salience of group
membership (i.e., cognitive centrality) to evaluate potential changes in
member behavior toward other ingroup and outgroup members. This
proposed research would extend ﬁndings indicating the potential
salient role of cognitive centrality on antisocial behavior toward team
members (Benson et al., 2017). Finally, with growing interest in understanding the structure of relationships in groups (e.g., cliques;
Martin, Wilson, Evans, & Spink, 2015), the connections with group
members (i.e., ingroup ties) may be of particular interest. A common
thread running across these examples is that certain hypotheses generated by a social identity approach are multidimensional in nature.
On the other hand, researchers who are interested in the global
construct of social identity (i.e., a single latent dimension) to evaluate
the general strength of social identity would beneﬁt from modeling
social identity as a single latent dimension where the error terms among
the subscale items are allowed to correlate. This enables researchers to
assess the global construct of social identity as commonly discussed in
theoretical accounts (e.g., Tajfel et al., 1981) and empirical work (e.g.,
Terry et al., 1999) in instances in which researchers might not have
multidimensional hypotheses. A practical example of a global approach
may involve comparing youth sport participants high and low on social
identity in relation to speciﬁc outcomes (e.g., friendship, dropout).
Another practical example, may involve a team building intervention to
bring together subgroups on a sport team to enhance team social
identity. Ultimately, the decision to use a multidimensional versus
global approach should remain driven by the research question and
theory.
Given that this is the ﬁrst in-depth examination of the psychometric
properties and dimensionality of the SIQS, it is important to consider a
number of limitations and future directions. First, it is important acknowledge the three independent samples analyzed in this paper were
comprised primarily of team sport athletes and mostly youth participants. A fruitful avenue of research may involve examining the social
identities of individual sport groups, some of which train together but
compete individually (e.g., cross-country skiing, see Evans, Eys, &
Bruner, 2012; for a sport typology). Individual sport athletes might
exhibit greater variation in the extent to which they identify with their
fellow group members. Although it would be prudent to evaluate the
measurement invariance of the SIQS when applied to the study of individual sport populations, this context would allow researchers to test
novel research questions. For example, researchers could examine how
objective changes in outcome interdependence (e.g., team-based versus
individual events) over the course of a season are associated with social
identity (Evans & Eys, 2015).
Moving forward, it should be noted that the SIQS oﬀers a shorter
assessment of social identity and thus lessens participant burden.
Reducing participant burden may facilitate research on social identity
across multiple time points. We encourage researchers to consider the
antecedents and consequences of social identity strength at the intraindividual level, as this would provide deeper insight into the role of
social identity in sport. As an example, it may be fruitful to examine
how the four dimensions of identity leadership (identity prototypicality, identity advancement, identity entrepreneurship, identity
impresarioship, Steﬀens et al., 2014) in coaches and athletes relate to
the three dimensions of social identity (ingroup ties, cognitive centrality, ingroup aﬀect). Such research would build upon recent work

4.1. Conclusion
Over the past 45 years, there has been strong and continued documentation of the inﬂuential role of social identity on human behavior.
Despite this empirical evidence, the measurement of social identity as a
theoretical construct has yet to be closely scrutinized in sport. In the
current research, we evaluated the factor structure and measurement
invariance of the SIQS as a measure of social identity in sport. The
ﬁndings from the study support the SIQS as a psychometrically sound
measure of social identity (Cameron, 2004) in sport among both male
and female athletes.
Appendix A. Supplementary data
Supplementary data related to this article can be found at http://dx.
doi.org/10.1016/j.psychsport.2017.12.006.
Appendix A
Social Identity Questionnaire for Sport (SIQS)
The following questions are designed to reﬂect how you feel about
being a part of your team. Please CIRCLE a number from 1 (strongly
disagree) to 7 (strongly agree) to indicate your agreement with each of
the statements.
1.
2.
3.
4.
5.
6.
7.
8.
9.

I feel strong ties to other members of this team.
I ﬁnd it easy to form a bond with other members in this team.
I feel a sense of being “connected” with other members in this team.
Overall, being a member of this team has a lot to do with how I feel
about myself.
In general, being a member of this team is an important part of my
self-image.
The fact that I am a member of this team often enters my mind.
In general, I'm glad to be a member of this team.
I feel good about being a member of this team.
Generally, I feel good when I think about myself as a member of this
team.

Ingroup ties: Items 1, 2, and 3.
Cognitive centrality: Items 4, 5, and 6.
Ingroup aﬀect: 7, 8, and 9.
Three items removed:
Ingroup Ties: I have a lot in common with other members in this
team.
Cognitive Centrality: I often think about the fact that I am a team
member.
Ingroup Aﬀect: I rarely regret that I am a member of this team.
References
Amiot, C. E., Sansfaçon, S., & Louis, W. R. (2013). Uncovering hockey fans' motivation
behind their derogatory behaviors and how these motives predict psychological wellbeing and quality social identity. Psychology of Sport and Exercise, 14, 379–388.
http://dx.doi.org/10.1016/j.psychsport.2012.12.004.
Benson, A., Bruner, M. W., & Eys, M. (2017). A social identity approach to understanding
the conditions associated with antisocial behaviours among teammates in female
teams. Sport, Exercise, and Performance Psychology, 6(2), 129–142. http://dx.doi.org/
10.1037/spy0000090.
Benson, A. J., & Eys, M. A. (2017). Development of the Sport Team Socialization Tactics
Questionnaire: Understanding the consequences of newcomer integration processes.
Journal of Sport & Exercise Psychology, 39, 13–28. http://dx.doi.org/10.1123/jsep.

187

Psychology of Sport & Exercise 35 (2018) 181–188

M.W. Bruner, A.J. Benson

Hornsey, M. J. (2008). Social identity theory and self-categorization theory: A historical
review. Social and Personality Psychology Compass, 2, 204–222. http://dx.doi.org/10.
1111/j.17519004.2007.00066.x.
Hu, L. T., & Bentler, P. M. (1999). Cutoﬀ criteria for ﬁt indexes in covariance structure
analysis: Conventional criteria versus new alternatives. Structural Equation Modeling:
A Multidisciplinary Journal, 6, 1–55. http://dx.doi.org/10.1080/
10705519909540118.
Jackson, J. W. (2002). Intergroup attitudes as function of diﬀerent dimensions of group
identity and perceived intergroup conﬂict. Self and Identity, 1, 11–33. http://dx.doi.
org/10.1080/152988602317232777.
Leach, C. W., Van Zomeren, M., Zebel, S., Vliek, M. L., Pennekamp, S. F., Doosje, B., ...
Spears, R. (2008). Group-level self-deﬁnition and self-investment: A hierarchical
(multicomponent) model of in-group identiﬁcation. Journal of Personality and Social
Psychology, 95, 144. http://dx.doi.org/10.1037/0022-3514.95.1.144.
Martin, L. J., Balderson, D., Hawkins, M., Wilson, K., & Bruner, M. W. (2017). The inﬂuence of social identity on self-worth, commitment, and eﬀort in school-based youth
sport. Journal of Sports Sciences, 1–7. http://dx.doi.org/10.1080/02640414.2017.
1306091.
Martin, L. J., Carron, A. V., Eys, M. A., & Loughead, T. (2013). Validation of the child
sport cohesion questionnaire. Measurement in Physical Education and Exercise Science,
17, 105–119. http://dx.doi.org/10.1080/1091367X.2013.761023.
Martin, L. J., Wilson, J., Evans, M. B., & Spink, K. S. (2015). Cliques in sport: Perceptions
of intercollegiate athletes. The Sport Psychologist, 29, 82–95. http://dx.doi.org/10.
1123/tsp.2014-0003.
McDonald, R. P. (1999). Test theory: A uniﬁed treatment. Mahwah, NJ: L. Erlbaum
Associates.
Murrell, A. J., & Gaertner, S. L. (1992). Cohesion and sport team eﬀectiveness: The beneﬁt
of a common group identity. Journal of Sport & Social Issues, 16, 1–14. http://dx.doi.
org/10.1177/019372359201600101.
Muthén, L. K., & Muthén, B. O. (2012). Mplus user's guide (7th ed.). Los Angeles, CA:
Muthén & Muthén.
Myers, N. D., Martin, J. J., Ntoumanis, N., Celimli, S., & Bartholomew, K. J. (2014).
Exploratory bifactor analysis in sport, exercise, and performance psychology: A
substantive-methodological synergy. Sport, Exercise, and Performance Psychology,
3(4), 258–272. http://dx.doi.org/10.1037/spy0000015.
Quinn, H. O. C. (2014). Bifactor models, explained common variance (ECV), and the usefulness of scores from unidimensional item response theory analysesUnpublished doctoral
dissertation. North Carolina: University of North Carolina at Chapel Hill.
Rees, T., Haslam, S. A., Coﬀee, P., & Lavallee, D. (2015). A social identity approach to
sport psychology: Principles, practice, and prospects. Sports Medicine, 45, 1083–1096.
http://dx.doi.org/10.1007/s40279-015-0345-4.
Reise, S. P., Bonifay, W. E., & Haviland, M. G. (2013). Scoring and modeling psychological
measures in the presence of multidimensionality. Journal of Personality Assessment,
95, 129–140. http://dx.doi.org/10.1080/00223891.2012.725437.
Rodriguez, A., Reise, S. P., & Haviland, M. G. (2016a). Evaluating bifactor models:
Calculating and interpreting statistical indices. Psychological Methods, 21, 137–150.
http://dx.doi.org/10.1037/met0000045.
Rodriguez, A., Reise, S. P., & Haviland, M. G. (2016b). Applying bifactor statistical indices
in the evaluation of psychological measures. Journal of Personality Assessment, 98,
223–237. http://dx.doi.org/10.1080/00223891.2015.1089249.
Steﬀens, N. K., Haslam, S. A., Reicher, S. D., Platow, M. J., Fransen, K., Yang, J., et al.
(2014). Leadership as social identity management: Introducing the identity leadership inventory (ILI) to assess and validate a four-dimensional model. The Leadership
Quarterly, 25, 1001–1024. http://dx.doi.org/10.1016/j.leaqua.2014.05.002.
Tajfel, H. E. (1978). Diﬀerentiation between social groups: Studies in the social psychology of
intergroup relations. Academic Press.
Tajfel, H. (1981). Human groups and social categories: Studies in social psychology.
Cambridge, England: Cambridge University Press.
Tajfel, H., & Turner, J. (1979). An integrative theory of intergroup conﬂict. In W. Austin
(Ed.). The social psychology of intergroup relations (pp. 33–47). Monterey, CA: BrooksCole.
Tangney, J. P. (1999). The self-conscious emotions: Shame, guilt, embarrassment and
pride. In T. Dalgleish, & M. J. Power (Eds.). Handbook of cognition and emotion (pp.
541–568). Chichester, England: Wiley.
Terry, D. J., Hogg, M. A., & White, K. M. (1999). The theory of planned behaviour: Selfidentity, social identity and group norms. British Journal of Social Psychology, 38,
225–244. http://dx.doi.org/10.1348/014466699164149.
Zucchermaglio, C. (2005). Who wins and who loses: The rhetorical manipulation of social
identities in a soccer team. Group Dynamics: Theory, Research, and Practice, 9, 219.
http://dx.doi.org/10.1037/1089-2699.9.4.219.

2016-0182.
Boen, F., Vanbeselaere, N., Pandelaere, M., Schutters, K., & Rowe, P. (2008). When your
team is not really your team anymore: Identiﬁcation with a merged basketball club.
Journal of Applied Sport Psychology, 20, 165–183. http://dx.doi.org/10.1080/
10413200701805711.
Bonifay, W., Lane, S. P., & Reise, S. P. (2017). Three concerns with applying a bifactor
model as a structure of psychopathology. Clinical Psychological Science, 5, 184–186.
http://dx.doi.org/10.1177/2167702616657069.
Brown, R. J., Condor, S., Mathews, A., Wade, G., & Williams, J. (1986). Explaining intergroup diﬀerentiation in an industrial organization. Journal of Occupational
Psychology, 59, 273–286. http://dx.doi.org/10.1111/j.2044-8325.1986.tb00230.
Bruner, M. W., Balish, S., Forrest, C., Brown, S., Webber, K., Gray, E., et al. (2017a). Ties
that bond: Youth sport as a vehicle for social identity and positive youth development. Research Quarterly for Exercise & Sport, 88, 209–214. http://dx.doi.org/10.
1080/02701367.2017.1296100.
Bruner, M. W., Boardley, I., Allen, V., Forrest, C., Root, Z., & Côté, J. (2017b).
Understanding social identity and intrateam moral behavior in competitive youth ice
hockey: A narrative perspective. The Sport Psychologist, 31, 173–186. http://dx.doi.
org/10.1123/tsp.2015-0117.
Bruner, M. W., Boardley, I. D., Benson, A. J., Wilson, K. S., Root, Z., Turnnidge, J., et al.
(2017). Disentangling the relations between social identity and prosocial and antisocial behavior in competitive youth sport. Journal of Youth and Adolescence. http://
dx.doi.org/10.1007/s10964-017-0769-2 Advance online publication.
Bruner, M. W., Boardley, I., & Côté, J. (2014a). Social identity and prosocial and antisocial behavior in youth sport. Psychology of Sport and Exercise, 15, 56–64. http://dx.
doi.org/10.1016/j.psychsport.2013.09.003.
Bruner, M. W., Boardley, I., Forrest, C., Buckham, S., Root, Z., Allen, V., et al. (2017c).
Examining social identity and intrateam moral behaviours in competitive youth ice
hockey using stimulated recall. Journal of Sport Sciences, 35, 1963–1974. http://dx.
doi.org/10.1080/02640414.2016.1243797.
Bruner, M. W., Dunlop, W., & Beauchamp, M. R. (2014b). A social identity perspective on
group processes in sport and exercise. In M. R. Beauchamp, & M. A. Eys (Eds.). Group
dynamics in exercise and sport psychology (pp. 38–52). (2nd ed.). New York, NY:
Routledge.
Bruner, M. W., Eys, M. A., Evans, B., & Wilson, K. S. (2015). Interdependence and social
identity in youth sport teams. Journal of Applied Sport Psychology, 27, 351–358.
http://dx.doi.org/10.1080/10413200.2015.1010661.
Cameron, J. E. (2004). A three-factor model of social identity. Self and Identity, 3,
239–262. http://dx.doi.org/10.1080/13576500444000047.
Carron, A. V., Eys, M., & Martin, L. T. (2012). Cohesion: Its nature and measurement. In
G. Tenenbaum, R. Eklund, & A. Kamata (Eds.). Handbook of measurement in sport and
exercise psychology (pp. 411–421). Champaign, IL: Human Kinetics.
Chen, F. F. (2007). Sensitivity of goodness of ﬁt indexes to lack of measurement invariance. Structural Equation Modeling, 14, 464–504.
Cheung, G. W., & Rensvold, R. B. (2002). Evaluating goodness-of-ﬁt indexes for testing
measurement invariance. Structural Equation Modeling, 9, 233–255.
De Backer, M., Boen, F., Ceux, T., De Cuyper, B., Høigaard, R., Callens, F., et al. (2011).
Do perceived justice and need support of the coach predict team identiﬁcation and
cohesion? Testing their relative importance among top volleyball and handball
players in Belgium and Norway. Psychology of Sport and Exercise, 12, 192–201. http://
dx.doi.org/10.1016/j.psychsport.2010.09.009.
Evans, M. B., & Eys, M. A. (2015). Collective goals and shared tasks: Interdependence
structure and perceptions of individual sport team environments. Scandinavian
Journal of Medicine & Science in Sports, 25, 139–148. http://dx.doi.org/10.1111/sms.
12235.
Evans, M. B., Eys, M. A., & Bruner, M. W. (2012). Seeing the ‘we’ in ‘me’ sports: The need
to consider individual sport team environments. Canadian Psychology, 53, 301–308.
http://dx.doi.org/10.1037/a0030202.
Eys, M. A., Carron, A. V., Bray, S. R., & Brawley, L. R. (2007). Item wording and internal
consistency of a measure of cohesion: The group environment questionnaire. Journal
of Sport & Exercise Psychology, 29, 395–402. http://dx.doi.org/10.1123/jsep.29.3.
395.
Eys, M., Loughead, T., Bray, S. R., & Carron, A. V. (2009). Development of a cohesion
questionnaire for youth: The youth sport environment questionnaire. Journal of Sport
& Exercise Psychology, 31, 390–408. http://dx.doi.org/10.1123/jsep.31.3.390.
Gorsuch, R. L. (1983). Factor analysis (2nd ed.). Hillsdale, NJ: Erlbaum.
Hancock, G. R., & Mueller, R. O. (2001). Rethinking construct reliability within latent
variable systems. In R. Cudeck, S. du Toit, & D. Sorbom (Eds.). Structural equation
modeling: Present and future—a festschrift in honor of karl joreskog (pp. 195–216).
Lincolnwood, IL: Scientiﬁc Software International.

188

